zurich SuperDec: 3D Scene Decomposition with Superquadric Primitives
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Qualitative Results on Objects from ShapeNet
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Path planning from start to target Grasping poses [5]
Motivation Task T
1. Existing representations for 3D scenes focus on photorealism Given a point cloud of a 3D scene, we decompose it in a 3 ] Application 2: Controlled Image Generation
2. We focus on a compact, modular, and explicit representation compact set of superquadrics. ,;j
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Method Primitive Type  Seg. L2 #Prim. L2 #Prim. L2 #Prim.
Unsupervised training
EMS [2] Superquadrics X 1.34 5.68 212 3.61 2.11 4.25
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Fe\wer T RS CSA [3] Cuboids 4 0.53 9.21 0.70 9.63 0.41 11.64
More accurate reconstruction g p
i SQ [4] Superquadrics X 0.28 10 5.91 10 4.26 10
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